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Abstract—In this paper, we characterize the achievable rate region for any IEEE 802.11-scheduled static multihop network. To do
so, we first characterize the achievable edge-rate region, that is, the
set of edge rates that are achievable on the given topology. This requires a careful consideration of the interdependence among edges
since neighboring edges collide with and affect the idle time perceived by the edge under study. We approach this problem in two
steps. First, we consider two-edge topologies and study the fundamental ways they interact. Then, we consider arbitrary multihop topologies, compute the effect that each neighboring edge
has on the edge under study in isolation, and combine to get the
aggregate effect. We then use the characterization of the achievable edge-rate region to characterize the achievable rate region.
We verify the accuracy of our analysis by comparing the achievable
rate region derived from simulations with the one derived analytically. We make a couple of interesting and somewhat surprising observations while deriving the rate regions. First, the achievable rate
region with 802.11 scheduling is not necessarily convex. Second,
the performance of 802.11 is surprisingly good. For example, in all
the topologies used for model verification, the max-min allocation
under 802.11 is at least 64% of the max-min allocation under a perfect scheduler.
Index Terms—Capacity region, IEEE 802.11, multihop networks.

I. INTRODUCTION
CENTRAL question in the study of multihop networks
is the following: Given an arbitrary multihop topology
and a collection of source–destination pairs, what is the achievable rate region of this arbitrary multihop network? Researchers
have formulated a multicommodity flow problem to answer this
question [1], [2]. These papers assume optimal scheduling with
different interference models at the MAC layer in their formulations. However, the MAC protocol used in all the multihop
networks being deployed is IEEE 802.11 (see, for example,
[3]–[6]). Characterizing the achievable rate region of an arbitrary multihop network with 802.11 scheduling is still an open
problem and is the focus of this work. This characterization will
have several applications. For example, it will allow researchers
who propose new rate control or routing protocols for multihop
networks with 802.11 scheduling to compare the performance
of their scheme with the optimal value.
Setting up a multicommodity flow formulation for 802.11scheduled multihop networks runs into the following problem:
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What is the achievable edge-rate region of the given multihop
topology? The achievable edge-rate region is the region characterizing the set of edge rates achievable on the given multihop
topology. For example, for a wireline network, this region is
simply characterized by the constraint that the sum of flow rates
at each edge is less than the data rate of the edge. For a multihop network with optimal scheduling, this region is characterized using independent sets [1]. Characterizing this region is the
main missing step in the characterization of the achievable rate
region for 802.11-scheduled multihop networks.
Related Work: There is a large body of interesting work on
modeling the behavior of IEEE 802.11 in a multihop network.
This work can be subdivided into five broad categories. 1) [7]
and [8] present a detailed analysis for specific topologies
under study (like the flow in the middle topology or the chain
topology), but their methodology cannot be applied to any arbitrary topology. 2) [9]–[11] propose a methodology independent
of the topology at hand, but in order to keep the analysis
tractable, they simplify the operation of the 802.11 protocol.
In particular, they ignore lack-of-coordination problems due to
topology asymmetries and/or certain aspects of the protocol
like the binary exponential backoff mechanism. 3) [12]–[14]
focus on modeling and analyzing interference at the physical
layer. To eliminate MAC issues that complicate the analysis
without affecting the physical layer model, they assume that all
transmitters are within range of each other and ignore certain
aspects of the 802.11 protocol like the binary exponential
backoff mechanism and ACK packets. Our work is complementary to papers of this category. We use a simplified physical
layer model but a complete model for 802.11 MAC layer with
no assumption on the topology at hand. Please refer to [23] for a
discussion on how to extend the MAC layer analysis presented
in this paper to the more sophisticated physical layer models
proposed by papers of this category. 4) [15]–[17] are perhaps
the closest to our work. They present a general methodology
without making any simplifications to the 802.11 protocol.
However, their methodology cannot be applied to topologies
that have nodes with multiple outgoing edges, and hence, cannot
be used to study any arbitrary multihop topology. Furthermore,
these papers do not incorporate all the possible dependencies
which can exist between both neighboring and nonneighboring
edges, which makes them increasingly inaccurate as the packet
transmission time increases. 5) [18] proposed a complete
model to derive the one-hop throughput for 802.11 in multihop
topologies. This model is more accurate than the previous ones
because it uses a Markov chain to capture the complete network
state in each of its states. However, the Markov chain has an
exponential number of states that precludes the model’s use
for any decent-sized network. (For example, a typical 20-node
network will require constructing and solving a Markov chain
with more than 500 000 states.) To summarize, an accurate,

1063-6692/$26.00 © 2009 IEEE

JINDAL AND PSOUNIS: ACHIEVABLE RATE REGION OF 802.11-SCHEDULED MULTIHOP NETWORKS

general, and scalable method to characterize the achievable
edge-rate region for an 802.11-scheduled multihop network is
still missing.
Our Contributions: The main contribution of this work is to
characterize the achievable edge-rate region for any given multihop topology in a scalable manner. We adopt the following
methodology to characterize this region. We first find the expected service time at a particular edge in terms of the collision
probability at the receiver and the idle time perceived by the
transmitter of that edge. The hard part in the procedure is to find
these collision probabilities and idle times because their value
depends on the edge-rates at other edges in the network. To find
the value of these variables, we decompose the local network
topology into a number of two-edge topologies, derive the value
of these variables for these two-edge topologies, and then appropriately combine them. Finding the expected service time at
each edge allows us to characterize the achievable edge-rate region. It is important to note that this “decompose-and-combine”
approach that we follow provides an intuitive, precise description of how neighboring nodes of a multihop wireless network
affect each other under a random scheduler like 802.11.
We use the characterization of the achievable edge-rate region
to characterize the achievable flow-rate region1 for any multihop
network and a collection of source–destination pairs. We then
verify the accuracy of our analysis by comparing the achievable flow-rate region derived by simulations to the one derived
by analysis for different topologies. We make a couple of interesting observations from these achievable flow-rate regions.
First, the achievable flow-rate region for an 802.11-scheduled
multihop network is not necessarily convex. Second, for all the
topologies studied in this paper, the max-min rate allocation
under 802.11 is at least 64% of the max-min allocation under
a perfect scheduler.
The outline of the rest of this paper is as follows. First,
we introduce the network model and the simulation setup in
Section II. Then, Sections III and IV describe the methodology to characterize the achievable edge-rate and flow-rate
region, respectively, for any multihop topology and a collection
of source–destination pairs. Section V verifies the accuracy
of the model by comparing achievable rate regions derived
theoretically and via simulations. Section VI discusses some
approximations that allow to solve the coupled system of multivariate equations derived in Section III without an iterative
procedure. Finally, Section VII concludes and discusses some
future directions.
II. PRELIMINARIES
A. Network Model
We assume that the static multihop topology is given as an
input. An edge between two nodes implies that the two nodes
interfere with each other (irrespective of whether they can
hear each other’s transmission successfully). Thus, the input
,
topology is defined by the interference graph
is the set of all nodes and is the set of all edges.
where
The interference is assumed to be binary—i.e., a transmission
emanating from one of these interfering nodes will always
cause a collision at the other node—and pairwise, i.e., interference happens between these node pairs only. This interference
1Achievable

flow-rate region is also referred to as the achievable rate region.
Both these terms are used interchangeably in this paper.
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TABLE I
BRIEF DESCRIPTION OF THE NOTATION USED IN THE ANALYSIS
(REFER TO THE TEXT FOR PRECISE DEFINITIONS)

model neglects some physical-layer issues like the capture
effect [13] and the effect of multiple interferers [19]. However,
to understand the behavior of the 802.11 MAC and derive
the achievable rate region associated with 802.11 MAC layer
without making any simplifications in the protocol, we purposely neglect these physical-layer issues. Their absence is not
altering critical MAC properties, while their inclusion would
unnecessarily complicate the analysis. [23] discusses how to
remove the binary and pairwise assumptions on interference.
In the absence of a collision, a transmission may get lost due
to physical-layer imperfections like fading, hardware noise, etc.
Successful reception of the RTS, CTS, DATA, and ACK packets
in absence of collisions are
transmitted on some edge
modeled as Bernoulli random variables with success probability
,
,
, and
, respectively. (Note that
equal to
if two nodes are within each other’s interference range but outside each other’s transmission range, then these probabilities are
equal to 0.) Table I summarizes the notation introduced in this
(and the next) section.
We assume that the set of flows is also given as an input.
is represented by a source–destination pair.
Each flow
denote the source and
denote the destination for
Let
flow . We assume that the arrival process for each flow has
i.i.d. (independent and identically distributed) interarrival times
and a long-term rate equal to . We also assume independence
between the arrival process for different flows2 and denote the
edge rate (sum of the flow rates at the edge) induced by these
flows on edge by . A given set of edge rates
is said to be achievable if the input rate at each queue
in the network is less than the service rate at that queue. Then,
a given set of end-to-end flow rates is said to be achievable if
there exists a routing (multiple paths per flow are possible) such
that the induced set of edge rates is achievable. The achievable
edge-rate and flow-rate regions are then defined as the closures
of the corresponding achievable sets of rates.
We assume that each node is running IEEE 802.11 with
RTS/CTS at the MAC layer. (We assume RTS/CTS because its
use is suggested by the 802.11 standard, and we do not want
and
denote the
to ignore any part of the protocol.) Let
initial backoff window and the number of exponential backoff
2Since we assume independent interarrival times and independence between
the arrival process for different flows, what we derive is a lower bound on the
capacity region derived without any assumption on the arrival processes.
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TABLE II
SYSTEM PARAMETERS USED TO OBTAIN NUMERICAL RESULTS

windows, respectively. We assume that the basic time unit is
,
,
, and
equal to one backoff slot time. Let
denote the time taken to transmit one RTS, CTS, DATA,
and ACK packet, respectively. (Note that the DATA packet
includes the UDP, IP, MAC, and PHY headers along with the
payload.) We also assume that all packets are of the same size,
is a constant. Let
denote the time wasted in an
so
denote the time it takes to complete
RTS collision and let
and
one packet transmission. Then,
, where is the propagation delay and
and
are IEEE 802.11 parameters.3
We will be making the following two assumptions throughout
the paper to simplify the analysis.
Assumption 1: First, we assume
and
. The protocol description recommends the use of RTS/CTS
only when the size of the DATA packet is much larger than the
size of the RTS packets. This is in line with the fundamental
principle that the load due to control packets should be a small
fraction of the total load. Hence, this assumption is satisfied for
normal protocol operation.
. Default
Assumption 2: Second, we assume that
802.11 parameters satisfy this assumption. In general, choosing
will not properly regulate random access
a small value for
to the channel and will cause a lot of collisions and throughput
loss even for WLANs. Hence, this assumption is also satisfied
for normal protocol operation.
B. Simulation Setup
We use simulations to verify the accuracy of our analysis. We
use Qualnet 4.0 as the simulation platform in this paper. All our
simulations are conducted using an unmodified 802.11(b) MAC
(DCF) with RTS/CTS. We use default parameters of 802.11(b)
(summarized in Table II) in Qualnet unless otherwise stated.
Auto-rate adaptation at the MAC layer is turned off, and the
rate is fixed at 1 Mbps. We set the buffer size and maximum
retry limit in 802.11 (the number of retransmission attempts
after which the packet is dropped) to a very large value to avoid
packet losses. This allows us to generate the achievable rate region without having to worry about transport-layer retransmissions to recover from these losses. The packet size is fixed to be
1024 bytes. To use simulations to validate the theoretically derived capacity region, we simulate all possible combinations of
flow rates, with each flow rate varying from 0 to 1 Mbps in steps
of 10 Kbps, and plot the achieved output rate at the destination.
3We do not provide a description of IEEE 802.11 protocol. Please refer to
[20] for a detailed description of the protocol.

Fig. 1. The Markov chain representing the evolution of a transmitter’s state.

III. CHARACTERIZING THE ACHIEVABLE EDGE-RATE REGION
This section characterizes the achievable edge-rate region
for any multihop topology.
A. Expected Service Time of an Edge
This section finds the expected service time of a particular
edge (denoted by ) in a particular topology (denoted by ) by
constructing and solving a Markov chain (MC) for this edge.
The states of this MC describe the current backoff window,
backoff counter, and time since the last successful/unsuccessful
RTS/CTS exchange (see next paragraph for details). The transition probabilities of this MC for depend on the collision
probabilities at the receiver of , which, in turn, depend on the
exact state at the other edges in the network. In order to decouple the MCs and reduce the state space, we find the average
value of the collision probabilities by averaging over all possible events, which can cause a collision at the receiver. (Note
that these events are not independent.) The dependence between
the different edges, and consequently MCs, is captured via these
average probabilities.
Prior work on the analysis of 802.11 has also attempted to reduce the state space of a MC describing the backoff window and
counter values. For single-hop networks, the author in [21] assumed node homogeneity and independence, an approach which
has been justified rigorously recently [22]. In the context of multihop networks [15], [17] a somewhat similar approach to ours
has been used, but not all events leading to collisions have been
considered, and these events have been assumed to be independent. Later sections describe how to find the value of these average collision probabilities. Here, we focus on finding the expected service time, assuming these probabilities are given.
The evolution of the 802.11 MAC layer state at the transmitter
of edge after receiving a packet from the network layer is represented by the absorbing MC shown in Fig. 1. The MC starts
from the state START (which represents a packet entering the
MAC layer to be scheduled for transmission) and ends in the
state DONE (which represents the end of a successful packet
transmission). The expected service time at is equal to the expected time it takes for the MC to reach DONE from START.
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The state
,
,
, represents the
and
transmitter state, where the backoff window is equal to
the backoff counter is equal to . The backoff counter keeps
), which is
decrementing until it expires (reaches state
then followed by a transmission attempt. The transmitter first
attempts an RTS–CTS exchange, which fails with probability
. (Thus,
denotes the probability that the RTS–CTS exchange at edge in topology is unsuccessful given that either
the RTS/CTS exchange or the DATA/ACK exchange was unsuccessful in the previous transmission attempts.) Note that
Table I contains a brief summary of the variables that are being
,
rigorously defined in this section. The states
, represent an unsuccessful RTS/CTS exchange time-units
, represent a sucbefore, while the states
cessful RTS–CTS exchange time-units before, followed by the
DATA–ACK exchange that fails with probability
. (Thus,
denotes the probability that the DATA–ACK exchange is
unsuccessful given that the RTS–CTS exchange was successful,
and either the RTS/CTS exchange or the DATA/ACK exchange
was unsuccessful in the previous transmission attempts.) If the
DATA–ACK exchange is successful, the MC moves to the state
DONE. If either the RTS/CTS or the DATA/ACK exchange is
if
,
unsuccessful, then the backoff window is set to
if
, the backoff counter is chosen uniformly
and to
at random in between 0 and the new backoff window value, and
the MC jumps to the corresponding state.
and
depend on , which denotes the
Note that
number of successive transmission failures. Since the probasuccessive transmission
bility that there are more than
failures is small for the default values of 802.11, we approxiand
for
by
and
. In case one
mate
decides to not use the default parameters of 802.11 and set
to a smaller value, then one can introduce additional states in
such that the probability of
the MC until some value
successive transmission failures is small.
This MC does not capture the duration of time the backoff
counter may get frozen due to another transmission within the
transmitter’s neighborhood (due to the physical/virtual carrier
sensing mechanism of the 802.11 protocol). To capture this, let
denote the proportion of time the channel around the transmitter of edge is idle conditioned on the event that there is no
successful transmission ongoing at . We now use the MC to
)
derive the expected service time at edge (denoted by
in (1) in terms of the collision and idle probabilities. For ease of
presentation, we define the following two additional variables:
and
for
denote the additional
Let
time required to reach the start of a successful packet transmission given that the backoff window just got incremented to
due to an unsuccessful RTS–CTS and DATA–ACK exchange,
respectively.
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(1)
if
. Note that (1) is dewhere
if
rived based on the following rule for finding the mean time to
reach an absorbing state in an absorbing MC: Let denote all
denote the transition probability from
the states of a MC, let
denote the absorbing state, and let
state to state , let
denote the mean time to reach state from state . Then.
.
To derive the value of the expected service time at a particular
,
, and
edge using (1), one has to first find the value of
for that edge. The next two sections describe how to find
the value of these variables for any edge in a given multihop
topology.
Note that we have neglected the effect of post-backoff in this
MC. (Post-backoff refers to backing off right after the transmission of the last packet in the queue in anticipation of a future
packet for which there will be no backoff if post-backoff has
completed in the meantime.) Since we are interested in determining the boundary of the capacity region, this will have a
negligible impact on the accuracy. This is because the boundary
of the capacity region depends on the service rate of the backlogged edges, such edges are almost always busy and do not
post-backoff, and their dependence on nonbacklogged edges is
nearly unaffected by the post-backoff taking place in these nonbacklogged edges.
B. Derivation of Collision and Idle Probabilities for Two-Edge
Topologies
This section finds the collision and idle probabilities for all
possible two-edge topologies. A two-edge topology is defined
to be one that has two distinct edges not sharing the same
transmitter. These two-edge topologies reveal the types of
interdependence that can exist between two edges in a multihop
network and an analysis for these topologies will serve as the
building block for the analysis of more complex topologies, as
will be seen in the next section. [15] identified four different
categories of two-edge topologies that can exist in a given
multihop network and analyzed them to study unfairness in
802.11 networks. Here we derive the achievable edge-rate
region for these topologies. (This list is exhaustive, that is,
all possible two-edge topologies belong to one of these four
categories.) We use the following notation throughout this
and
denote the two edges under consideration,
section:
,
, denotes the edge rates (in packets/time unit).
and
and
,
, denote the transmitter and
Further, let
the receiver of the two edges. Finally, let
and
,
, denote the event that the RTS and
the CTS packet transmitted by node is not correctly received at
node due to physical-layer errors, respectively. For example,
denotes the event that the CTS transmitted by
is
due to physical-layer errors.
not correctly received at
1) Coordinated Stations (CoS): A two-edge topology is
and
interfere with
a coordinated station topology if
each other. Fig. 2(a) shows an example of a coordinated station topology. Note that there are other two-edge topologies
and
interfere with each other but with no
also where
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Fig. 2. Different two-edge topologies: (a) coordinated stations, (b) near hidden
edges, (c) asymmetric topology, and (d) far hidden edges.

interference links between
and
and/or
and
.
However, the performance profile and most of the analysis
remains the same. Hence, all these topologies are referred to as
coordinated stations. The minor change introduced by the lack
and
and/or
and
of interference links between
is discussed at the end of this section.
in the following lemma.
We first state the value of
Lemma 1:
,
,
, 2.
Proof: For this topology, the RTS–CTS exchange will successfully avoid any DATA collision, and the DATA–ACK exchange will be unsuccessful, only when the DATA or the ACK
packet gets corrupted due to physical-layer effects.
We next derive the value of
. Note that the analysis
presented in [21] can be directly applied for this topology to
under saturation conditions (when
derive the value of
transmitters always have a packet to send). The following
lemma finds this probability for nonsaturation conditions.
Lemma 2:
,
(i)
;
,
(ii)
where
is the probability that
the backoff counter at edge is equal to 0.
Proof: We first look at edge . The RTS/CTS exchange is
unsuccessful if either the RTS or the CTS is lost due to physical. An RTS collilayer errors or an RTS collision happens at
sion will occur only if the backoff counter at edge also expires
and
sending
in the same slot duration, resulting in both
an RTS packet. Thus,
has a packet to send
. a)
has a packet to send
as the prob,
ability that a queueing system is nonempty is equal to
is
where is the packet arrival rate into the system and
is upper
the expected service time. b) As derived in [21],
and lower bounded by
.
bounded by
Putting everything together yields the result.
is derived
using the same arguments.
Approximating
by its upper bound is accurate when there
are few collisions and data losses at the physical layer; otherwise, approximating it with its lower bound will be more accurate. Therefore, we make the following approximation:
if
if

where
is the value of the DATA/ACK exchange loss probability that results in the lower and upper bound yielding the
same error. (Its value for the default parameters of Table I is
equal to 0.8.) This approximation is not introducing significant inaccuracies for the following reason. Assumption 2 implies that the probability of an RTS collision at some edge
due to another edge with which it forms a coordinated-stations
topology is rather small (since the upper bound is small). On
the other hand, the probability of RTS collisions due to edges
with which forms an asymmetric or far-hidden-edges topology
(Sections III-B3 and III-B4) is much larger, and it dominates the
calculation of the overall RTS collision probability. Finally, if
there are only coordinated stations in ’s neighborhood, the effect of the backoff counter being frozen due to carrier sensing
will dominate over RTS collisions [see (1)]. Section V verifies
that making this approximation has no significant impact on the
accuracy of the analysis.
in the next lemma. We
Finally, we derive the value of
denote
use the following variable in this derivation. Let
the expected number of DATA transmissions per packet at edge
in topology , including the extra transmissions due to unsuccessful DATA–ACK exchange. Using elementary probability,
.
Lemma 3:
;
(i)
(ii)
.
is frozen when a
Proof: The backoff counter for edge
is going on, given that no successful
transmission at edge
transmission is going on at edge .4 The net rate at which
is equal to
, and
packets are transmitted at edge
is the expected service time of one packet. Hence, the probis equal
ability that there is a transmission ongoing at edge
. Notice that this derivation ignores the extra
to
RTS–CTS traffic generated by an unsuccessful RTS–CTS exchange, but this is fully justified by the assumption that
(Assumption 1). Similarly, the probability that a successful
. Putting
packet transmission is going on at is equal to
everything together yields the result.
is derived using
similar arguments.
Note that if there is no interference link between
and
in Fig. 2(a), then the probability of RTS collision at will be
. Similarly, absence of the
equal to 0 instead of
and
will result in the probainterference link between
bility of RTS collision at to be equal to 0.
2) Near Hidden Edges (NH): Fig. 2(b) shows the topology
and
do not interfere with
belonging to this category.
each other; however, there is an interference link between
and
as well as
and
. The values of
,
,
and
,
,
, are derived in a manner similar to the derivation of the corresponding probabilities for coorwill
dinated stations. The only difference is that now
freeze its backoff counter only when a CTS sent from
is successfully received at
. So, the RTS transmitted
by
can now collide in the following four scenarios:
and
start transmitting an RTS in the same slot
1) Both
the RTS from T is successfully received at T , the backoff counter at
is frozen due to virtual carrier sensing, or else it is frozen due to physical
carrier sensing. Hence, whenever there is a transmission on edge e , the backoff
counter at e is frozen.

T

4If
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Fig. 3. Multiple RTS exchanges at e can collide with the same DATA transmission on e for the asymmetric topology.

duration; 2)
starts transmitting an RTS, and
starts transmitting a CTS in the same slot duration; 3)
starts transmitting an RTS while
is still sending an
is lost due to physical-layer
RTS; and 4) the CTS from
.
errors at
3) Asymmetric Topology (AS): Fig. 2(c) shows an example
and
as well
of the topology belonging to this category.
and
do not interfere each other, but
and
are
as
within each other’s interference range. The main characteristic
is aware of the channel state as it
of this topology is that
, but
is totally unaware of the
can hear the CTS from
channel state as it can hear neither the RTS nor the CTS from
the transmission on .
We first derive the collision and idle probabilities for edge .
The following lemma derives the value of
.
Lemma 4:
,
. The expression
was derived in Section III-B1.
will collide if one of
Proof: The DATA packet sent by
starts transmitting an RTS
these two events happens: 1) If
starts transmitting a CTS in the same slot duration.
and
is not recovered at
due to physical2) The CTS from
starts a transmission as it is not aware of
layer errors, and
the ongoing transmission at .
We next derive the value of
in the following sequence
of lemmas. The first lemma directly follows from the observatransmits an RTS while a transmission at edge
tion that if
is going on, it will collide. As before, note that this lemma
ignores the extra RTS traffic generated at by an unsuccessful
RTS–CTS exchange, which is not a problem since
(Assumption 1).
Lemma 5:
.
Now, lets look at what happens after the first RTS collision. The RTS collision will cause the backoff window at
to increase to
, and a new backoff counter is chosen
). If the remaining transuniformly at random between (0,
is more than the new backoff counter,
mission time at edge
will collide with
then the second RTS transmission at
the same transmission. (Note that multiple RTS exchanges
can collide with the same DATA transmission on ,
on
see Fig. 3.) Prior works have not incorporated this effect in
their analysis, and hence, their accuracy decreases as
increases. And if the remaining transmission time at edge
is lower than the new backoff counter, then the probability of RTS collision is equal to
. Therefore,
exchange is unsuccessful at the end of second
backoff a collision occurred at the end of the first backoff
, where is the probability that the transmission at , which collided with the first RTS transmission
by
(when the backoff window at
was
), ends before
for
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expires (when the backoff
the second backoff counter at
window at
is
). To evaluate
, note that the backoff
window also increments if the first RTS–CTS exchange went
through but the subsequent DATA or ACK packet was lost,
in which case the RTS collision probability after the second
. Putting
backoff counter expires is equal to
everything together yields
, where
is the
probability that an RTS collision occured at the end of the
first backoff given that either the RTS/CTS exchange or the
DATA/ACK exchange was unsuccessful at the end of the first
backoff.
to find the value of
We now generalize the derivation of
,
. We define the following variables for ease of
,
, denote the probability
presentation. a) Let
that an RTS collision occurred at the end of the
th backoff
given that either the RTS/CTS exchange or the DATA/ACK exth backoff. If
change was unsuccessful at the end of the
th backoff, then
there is no RTS collision at the end of the
the probability of RTS/CTS exchange being unsuccessful at the
th backoff) is equal to
.
end of the next backoff (
,
, denote the probability that an RTS
b) Let
collision occurred at the end of the
th backoff given that
i) either the RTS/CTS exchange or the DATA/ACK exchange
th backoff, and ii) the
was unsuccessful at the end of the
collision occurred with a transmission on , which started when
was
, i.e., the colliding transmisthe backoff window at
started while the backoff counter at
was decresion on
th backoff. This probability indicates
menting during the
the start of a new transmission at , which might collide with
denote the event that
the subsequent RTS exchanges. c) Let
when the backoff window at
an RTS collision occurred at
was , with a transmission on that had started when the
was
. This event indicates the start of
backoff window at
the ongoing transmission at . d) Finally, let denote the probability that a transmission at , which started when the backoff
was
, ends when the backoff window at
window at
is
given that it had not ended when the backoff window was
. This probability is used to count the number of RTS exchanges at , which collides with the same transmission on .
Lemma 6:
,
.
occurs, the probability that an
Proof: Given event
is
is
RTS collision occurs when the backoff window at
equal to
. On the other hand, if there is no
was
, the
RTS collision when the backoff window at
probability of RTS collision when the backoff window at
is
is equal to
. Combining everything together using
the law of total probability yields the result. To complete the
, we have to derive the values of
,
derivation of
,
, and ’s. Values of these variables follow directly from their definitions. We omit their derivations due to
space limitations. The interested reader is referred to [23].
The only remaining variable to be derived for edge
is
. To derive its value, we use the fact that
cannot hear
is always
the transmission on , and hence the channel at
idle.

1124

Lemma 7:
.
The next lemma states the value of the collision and idle probabilities for edge . The proof directly follows from the folcan collowing two observations: 1) No transmission from
, and 2) a CTS transmission from
, if successfully
lide at
, will freeze the backoff counter at
due to virreceived by
tual carrier sensing.
Lemma 8:
,
;
(i)
(ii)
,
;
(iii)
.
and
are within
4) Far Hidden Edges (FH): Only
each other’s range in this topology. Fig. 2(d) shows the topology
belonging to this category. For this topology, an RTS sent by
a transmitter will not receive a CTS back if a transmission is
going on at the other edge because of virtual carrier sensing at
,
,
, is derived
the receiver. Thus,
in a manner similar to the derivation of
. The only differis lost at
,
ence occurs when the CTS from
to be unaware of the channel state at
causing
and sending a CTS back in response to the RTS from
.
Hence, the probability of RTS collision is equal to the probability that there is a transmission ongoing at the other edge conditioned on the event that the CTS was correctly received. The
probability of the event that the CTS is not correctly received is
.
derived during the derivation of
We next derive the value of the probability of DATA colliwill collide if
transmits
sions. DATA on edge
will send back a CTS only if it had
a CTS or an ACK.
. For this
not correctly received the CTS exchanged on
topology, DATA packets will not collide with ACK packets as
the preceding RTS/CTS exchange on the other edge will cause
the DATA to collide, and hence the receiver will not send back
an ACK packet. We now have to determine the events that can
to not correctly receive the CTS exchanged on
cause
.
Let us first consider edge . Obviously, one of the events
that can lead to the CTS getting corrupted is physical-layer erto
or
to
gets
rors. If either of the CTS from
corrupted, it will lead to DATA collision on edge . Thus, the
due to the CTS getprobability of DATA collision on edge
ting corrupted by physical-layer errors is equal to
.
We now describe events that can cause CTS to get corrupted
denote the union of the
due to collisions. Let
and
start transmitting an RTS
following three events. 1)
’s ( ’s) transmission starting
in the same slot duration with
starts transmitting an RTS while an RTS transfirst; 2)
; and 3)
starts transmitting
mission is going on at
starts transmitan RTS in the same slot duration as
(easily justified by Assumption 1),
ting a CTS. Neglecting
.
We now discuss the sequence of events which will follow
. (Fig. 4 shows a possible realization of
event
. Note that prior
the sequence of events following event
works have not incorporated the effect of the occurrence of
and
in their analysis, and hence, their
events
increases. a) The transmission
accuracy decreases as
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Fig. 4. A possible realization of the sequence of events that follow event
E
.

will succeed, and
will send back
of RTS on
a CTS. This CTS will collide with the RTS transmission
at
. This collision results in
on
not receiving both the packets. b) DATA transmission will
, while
backs off. c) Backoff
commence on
expires, and an RTS is transmitted on
counter at
.
responds back with a CTS. d) If the DATA
has not ended, the CTS transmission by
transmission on
in step c) will collide with the DATA transmission
. e)
backs off, and DATA transmission
at
. f) The backoff counter at
commences on
expires and sends an RTS, and
sends back a CTS.
has not ended, the
g) If the DATA transmission on
will collide with the DATA
CTS transmission by
. h) This process goes on until at least
transmission at
one of the DATA packets get successfully exchanged.5
,
, and
are similarly defined for edge .
,
, is stated in the next lemma,
The value of
whose proof follows directly from the discussion above. We define the following additional variables for ease of presentation.
denote the probability that a DATA collision oca) Let
curs on
due to events
or
having occurred
during previous exchanges, given the current backoff window
is
and either the RTS/CTS or the DATA/ACK exat
change was unsuccessful when the backoff window value at
was
. If the DATA/ACK loss does not occur
due to events
or
having occurred during previous exchanges, the probability of DATA collision after the
. b) Let
denote
next backoff is equal to
the probability that event
occurs during the
current data exchange given that the current backoff window at
is
and either the RTS/CTS or the DATA/ACK exchange
was
was unsuccessful when the backoff window value at
5Note that the loss of one of the RTS exchanges in this sequence due to physical-layer effects will change the probability of DATA collision. Ignoring this
event is easily justifiable using Assumptions 1 and 2. By Assumption 1, the
probability of the DATA packet getting corrupted by physical-layer errors will
be much larger than the same probability for the RTS packet, as the DATA
packets are much larger than the RTS packets. And p
,0
i m, will
, as P (E
) and P (E
) are much smaller (by
be dominated by p
Assumption 2). Hence, for the network conditions for which P (E
) and
P (E
) matter, ignoring the loss of RTS exchanges will introduce negligible error.
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. Event
may be followed with a
sequence of DATA collisions.
Lemma 9: For
we have the following.
(i)

(ii)

,
,
,
,
Derivation of the values of
, and
is omitted due to space limitations. The
interested reader is referred to [23].
. To derive
The only remaining variable to be derived is
its value, we use the fact that both transmitters cannot overhear
each other.
,
.
Lemma 10:
C. Determining the Achievable Edge-Rate Region in any
Multihop Topology
To determine the edge-rate region for a given multihop
topology , recall that we first have to determine the expected
service time at each edge, which in turn requires the values
,
, and
for each edge . To derive these probof
abilities for an edge, we will decompose the local topology
around the edge into a number of two-edge topologies, then
find these probabilities for each two-edge topology, and finally find the net probability by appropriately combining the
individual probabilities from each two-edge topology. We will
use the flow-in-the-middle topology [Fig. 6(a)] as an example
throughout the section.
is easily
Decomposition of the local topology around
achieved by evaluating how each edge in ’s neighborhood interferes with , based on the definitions stated in Section III-B.
can be
For example, the local topology around edge
decomposed into the following two-edge topologies: 1) Co; 2) Near hidden edges: none;
ordinated stations:
and
; and 4) Far hidden
3) Asymmetric topology:
and
. The previous section discussed how
edges:
to find the collision and idle probabilities for each individual
two-edge topology. This section focuses on how to combine the
probabilities obtained from each individual two-edge topology.
Combining these probabilities must account for possible dependencies between the neighboring edges. For example, the
and
in the flow-in-thetransmitters of edges
,
middle topology, which are both interfering with edge
can hear each other. Hence, DATA transmission on these two
edges will not occur simultaneously. Thus, the collision probabilities due to these two edges cannot be combined indepen.
dently to find the aggregate collision probabilities at
We first present the scenarios where probabilities can be independently combined, and then discuss the scenarios where
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the dependencies have to carefully accounted for. The RTS and
DATA collision probabilities can be independently combined if
they are caused by two (or more) transmitters/receivers starting
transmission in the same slot duration. For example, the RTS
collision probability due to coordinated stations, and the DATA
collision probability due to asymmetric topologies (if the CTS is
received correctly at the other edge) can be independently combined. (For a complete list of events that can be independently
combined, see the discussion following Lemmas 12 and 13.)
When the computation of any probability (either collision or
idle probabilities) depends on the probability of the event that
there is no ongoing transmission among a set of edges , dependencies have to be carefully accounted for and combining
probabilities is more involved. For example, the computation of
the RTS collision probability due to far-hidden-edges and asymmetric topologies and the computation of the DATA collision
probability due to asymmetric topologies (if the CTS is not received correctly at the other edge) belong to this category. Also,
the computation of the idle probability for coordinated-stations,
near-hidden-edges, and asymmetric topologies belongs to this
category. To understand how to compute the probability that
there is no ongoing transmission among edges belonging to ,
it is helpful to distinguish between two types of dependencies
that can exist between these edges.
in the flow-in-the-middle topology
Consider edge
and
interfere
[Fig. 6(a)]. In this topology, edges
but do not interfere with each other, whereas
with edge
and
interfere with both
and each other.
Generalizing, 1) if two edges interfere with each other, then
they will not be simultaneously scheduled (ignoring the extra
RTS traffic due to the event that a colliding RTS transmission is
taking place on both the edges, which is easily justified by Assumption 1), and 2) if two edges do not interfere with each other,
then they can be independently scheduled, given that none of
the edges that interfere with both are transmitting. For example,
and
will be independently scheduled, given
edges
and
.
there is no transmission ongoing at edges
Note that prior works do not incorporate the impact of these
two dependencies [1) and 2)] in the evaluation of the collision
and idle probabilities. We now state a lemma that finds the probability that there is an ongoing transmission on at least one of
the edges in the given set . The lemma is derived using condenote the
cepts from basic probability. In what follows, let
event that there is a transmission going on at edge , and note
.
that
Lemma 11:

(2)
where for

,
if any two edges in

interfere with each other

otherwise
where
denotes the set of edges in that interfere with all
.
the edges in
Based on the previous discussion, we can derive the collision
and idle probability for each edge in a given multihop network.
For completeness, we state the value of each probability in the
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next three lemmas. The individual expressions are large because
we combine the effect of each two-edge topology. However,
each term in the expression can be traced to a term derived for
one of the two-edge topologies.
We first define the notation used in these lemmas. Denote by
the set of edges that interfere with the edge under study .
that either forms a coordinated-stations
Any edge
or asymmetric topology or near hidden edge or far hidden edge
into
with belongs to this set. We subdivide the edges in
subsets corresponding to the four two-edge topologies, and the
coordinated station topologies and asymmetric topologies are
further subdivided into two, giving us the following six sets:
: edges that form a coordinated station with and interfere
1)
: edges that form a coordinated
with the receiver of edge ; 2)
station with and do not interfere with the receiver of edge
; 3)
: edges that form a near hidden edge with ; 4)
:
edges that form an asymmetric topology with being the edge
: edges that
with an incomplete view of the channel state; 5)
form an asymmetric topology with being the edge that has the
: edges that form
complete view of the channel state; and 6)
,
,
, and
a far hidden edge with . Edges in the sets
affect the RTS collision probabilities. Edges in the sets
and
affect the DATA collision probability. Edges in the sets
,
,
. and
affect the proportion of idle time at the
transmitter of .
We first state the value of the DATA collision probability.
We reuse the notations used in Lemmas 4 and 9. In a multihop topology,
.
,
, and
are defined and derived similarly to the corresponding variables in Section III-B4.
Also, based on the discussion in Section III-B1, we set
if
and
otherwise.
Lemma 12:
(i)

(ii)

In the expression of
, the first term within square brackets
corresponds to the situation where a DATA collision is either
caused by asymmetric topologies due to a CTS loss on the edge
between the receiver of the edge under study, , and the trans, or far hidden edges due
mitter of a neighboring edge ,
and
. The second term
to CTS loss on the edge between
within square brackets corresponds to a DATA collision due to
and
start transmitting a
asymmetric topologies when
CTS the same time. The third term within square brackets de. In the expression
notes DATA collision following event
, the two terms within square brackets correspond to the
of
events where the previous exchange was not lost or lost due to
or
.
DATA collisions following the events
,
,
, and
Derivation of the values of
is omitted due to space limitations. The interested
reader is referred to [23]. Note that the events
and the CTS getting lost on an edge are independent; hence,
.
Lemma 11 is sufficient to derive
We next state the value of the RTS collision probability.
We reuse the notation used in Lemma 6. Additionally, we
define the event
,
which denotes that there is at least one ongoing transmission
that will cause an RTS collision at .
Lemma 13:
(i)
,
(ii)
,
.
, the first term within square brackets
In the expression for
corresponds to RTS collisions due to coordinated stations,
while the second term corresponds to RTS collisions due to
is successfully
near hidden edges when the CTS sent by
received at . The third term corresponds to an RTS collision
due to event
. In the expression for
, the two terms
within square brackets correspond to the events where the
,
previous exchange was not lost or lost due to the event
respectively.
, ,
and
Please refer to [23] for the values of
.
The next lemma states the value of
. This lemma follows
directly from the observation that any transmission on an edge
will freeze the backoff counter on ,
belonging to
will
and any transmission on an edge belonging to
freeze the backoff counter on only if the corresponding CTS
is correctly received at .
Lemma 14:
, where
denotes the complement of event
.
Equation (1) and the expressions derived in this section enable the derivation of the expected service time at any edge in
any multihop topology. Thus, these equations along with the
,
, (where
repreconstraints
sents the set of outgoing edges from a node ) characterize the
. We sum over all outgoing edges from
achievable rate region
a node because the network queue for all outgoing edges at a
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node is the same. (Note that, unlike prior works, the proposed
methodology can be applied to topologies with nodes having
multiple outgoing edges.)
Finally, we now comment on the computational complexity
of setting up the equations for each edge. The complexity of the
algorithm to decompose the local topology around an edge
into its constituent two-edge topologies is polynomial in
.
Computing the collision and idle probability for each two-edge
topology takes constant time. Finally, the complexity of the algorithm to combine the individual collision and idle probabilities is equal to the number of nonzero terms in (3). Each nonzero
term in this equation corresponds to a distinct set of noninter. Therefore, the number of nonzero terms
fering edges in
edges is equal to
taking an intersection over
the number of distinct sets of noninterfering edges, which is
. However, the maximum number of noninterfering
is bounded by a constant in practical topologies
edges in
[24]. Hence, the number of nonzero terms in (3) is polynomial
. Therefore, the overall computational complexity of setin
.
ting up equations for an edge is polynomial in
D. Network Solution
Determining the expected service time of all edges requires
solving a coupled multivariate system of equations. We adopt an
iterative procedure that uses the values of the idle and collision
probabilities computed in the previous iteration for the current
iteration. Proving the existence and uniqueness of a fixed point
and convergence of this iterative procedure to this fixed point
is out of scope and left as future work. The interested reader is
referred to [25] and [26] for related fixed-point theory.
We now give some insight into the complexity associated with
these proofs. The same iterative procedure has been used to
solve the multivariate equations arising in both 802.11-scheduled single-hop [21], [27] and multihop networks [15], [17].
Note that single-hop networks are topologically homogeneous,
and hence the same fixed-point equation governs the collision
probability at each node. In contrast, for multihop networks, the
fixed-point equation governing the collision and idle probabilities are different for each node; even the structure of these equations can differ for each node. Hence, proving uniqueness and
convergence results is significantly more involved for multihop
networks. Even for the simpler setting of single-hop networks,
only a recent work [28] has derived conditions for the uniqueness of a fixed-point solution for the most general cases where
nodes can be parametrically heterogeneous (but topologically
homogeneous). Meanwhile, convergence of the iterative procedure is still not well understood. No progress has been made in
the context of multihop networks yet.
In the absence of formal proofs, prior works have relied on
extensive simulations to assess the convergence of the iterative
procedure. We have adopted the same approach and performed
extensive simulations on almost 30 representative topologies.
For these topologies, the average number of iterations to converge was 6 and the maximum was 8, irrespective of the initial
conditions. For a detailed description of these topologies, please
see Section V.
IV. ACHIEVABLE FLOW-RATE REGION
The achievable flow-rate region of a given multihop network
and a collection of source–destination pairs is characterized by
the set of the following constraints:

where
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denotes the flow rate of flow

flowing through edge

if
if
otherwise
and
denote the set of incoming edges into and outand
going edges from the node , respectively. The first constraint
ensures nonnegativity of flow rates, the second expresses edge
rates in terms of flow rates, and the third is the standard flow conservation constraint. The final constraint says that the vector of
induced at the edges should lie within the achievedge rates
able edge-rate region.
V. MODEL VERIFICATION
In this section, we verify the accuracy of the analysis by
finding the achievable-rate region for the four two-edge topologies and five different multihop topologies via simulations and
comparing it to the theoretically derived achievable rate region.
The multihop topologies we use are either characteristic representative topologies, real topologies, or randomly generated
topologies. We also include the achievable rate region of optimal scheduling, derived using the methodology proposed by
Jain et al. [1], to shed light on how far from the optimal 802.11
is. Furthermore, motivated by prior work that has expressed concerns about the ability to achieve fair and efficient rate allocations under 802.11 [11], [15], [29], we compare the max-min
rate allocation under 802.11 and under an optimal scheduler.
To ensure that the difference between 802.11 and optimal
scheduling is only due to the scheduling inefficiencies of 802.11,
we make the overhead imposed by control message exchange
and protocol headers to be the same for both schemes. (In practice, the overhead of optimal scheduling is expected to be larger,
but this is besides the point here.)
A. Two-Edge Topologies
We plot the achievable edge-rate regions derived analytically and via simulations for the four two-edge topologies in
Fig. 5(a)–(d). We make the following observations from these
figures. 1) A close match between the analytical and simulation
results verifies the accuracy of the analysis. 2) The asymmetric
topology has the smallest achievable-rate region among the four
two-edge topologies, which implies that the loss in throughput
with 802.11 scheduling is largest for this topology. On the
other hand, the coordinated station topology has the largest
achievable-rate region. 3) In the asymmetric topology, even
in saturation conditions
though 802.11 is highly unfair to
(see arrow in the figure) as also observed in [15], with rate
control, it is possible to achieve a max-min rate allocation
of 0.277 Mbps/edge, which is not that far from the max-min
rate allocation of 0.332 Mbps/edge achieved by an optimal
scheduler.
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Fig. 5. Capacity regions for different two-edge topologies. The packet-loss rate for a 1024-byte packet is equal to 0.2 at e , 0.3 at e , and 0.5 at all the interference
links. (All the rates are in Mbps.) (a) Coordinated stations. (b) Near hidden edges. (c) Asymmetric topology. (d) Far hidden edges. (The error in the maximum rate
achieved at e after fixing the rate at e is less than 10.1% for all four plots.)

Fig. 7. (a) Chain topology. (b) Achievable-rate region for the chain topology.
Fig. 6. (a) The flow-in-the-middle topology. (b) Achievable-rate region for the
flow-in-the-middle topology.

B. Common Topologies
The first two multihop topologies we consider have been used
by prior works to study the performance of 802.11 in multihop
networks: a) Flow-in-the-middle topology, which was used in
[8], [11], and [30]; and b) Chain topology, which was used in
[7], [29], and [31].
1) Flow-in-the-Middle Topology: Fig. 6(a) shows the
flow-in-the-middle topology. All links are assumed to be loss,
, and
less. There are three flows in this topology:
. Flows
and
do not interfere with each
.6
other, but both of them interfere with flow
Since flows
and
are symmetric, we assume
that they have equal rates. We plot the achievable rate of these
two flows against the achievable rate for the middle flow
in Fig. 6(b). We make the following observations from this
figure. 1) The analytical and simulation curves are close to each
other, verifying the accuracy of the analysis. We compare the
error between simulations and analysis for the maximum rate
when the rates of flows
and
achieved by flow
are fixed. The error is less than 9%. Note that comparing the achievable flow-rate region also verifies the analysis
presented in Section III, as the induced edge rates should lie
within the achievable edge-rate region for a set of flow rates to be
achievable (see Section IV). 2) The achievable-rate region with
802.11 scheduling is not convex. 3) The max-min rate allocation
for this topology with 802.11 is 0.194 Mbps/flow and is 0.213
Mbps/flow with optimal scheduling. Thus, 802.11 achieves 91%
throughput compared to optimal scheduling at the max-min rate
allocation.
2) Chain Topology: Fig. 7(a) shows the chain topology. All
. There are
links are assumed to be lossless. We set
6We say that two flows interfere with each other if any two edges over which
they are routed interfere with each other.

and
. We plot
two flows in this topology:
the achievable-rate region of these two flows in Fig. 7(b). We
make the following observations from this figure. 1) The analytical and simulation curves are close to each other, verifying
the accuracy of the analysis. We compare the error between simulations and analysis for the maximum rate achieved by flow
when the rate of flow
is fixed. The error is
less than 12%. 2) The achievable-rate region with 802.11 scheduling is not convex for this topology as well. 3) The max-min
rate allocation for this topology with 802.11 is 0.09 Mbps/flow
and is 0.14 Mbps/flow with optimal scheduling. Thus, 802.11
achieves 64.3% throughput compared to optimal scheduling at
the max-min rate allocation.
C. Square Topology: Which Route
The next topology we study is the square topology of
Fig. 8(a). All links are assumed to be lossless. There are two
and
. There are two
flows present in this topology:
possible routes for each flow:
and
for flow
, and
and
for
. We use his topology to illustrate that our analysis
flow
yields the optimal routes as a by-product and show that 802.11
and optimal scheduling can have different optimal routes.
We plot the achievable-rate region for this topology in
Fig. 8(b). We make the following observations from this figure.
1) Again, the simulation and analytical curves are close to
each other. The error in the maximum rate achieved by flow
when the rate of flow
, if fixed, is less than 14%.
2) The maximum throughput with 802.11 when only one of
the flows is on is equal to 0.33 Mbps (point A in the figure)
and is achieved by routing 0.165 Mbps along one path and
0.165 Mbps along the other. 3) When both flows are on, the
max-min point with 802.11 (point B in the figure) is achieved
by single-path routing with nonoverlapping routes for the two

JINDAL AND PSOUNIS: ACHIEVABLE RATE REGION OF 802.11-SCHEDULED MULTIHOP NETWORKS

1129

Fig. 8. (a) Square topology. (b) Achievable-rate region for the square topology.

flows, for example
routed along
and flow
routed along
. However,
optimal scheduling can achieve the max-min point by both
single-path and multipath routing. Thus, the optimal routing
paths for 802.11 and optimal scheduling can be different.
4) The max-min rate allocation with 802.11 is 0.18 Mbps/flow
and is 0.213 Mbps/flow with optimal scheduling. Thus, 802.11
achieves 84.5% throughput compared to optimal scheduling at
the max-min rate allocation.
D. A Real Topology: Houston Neighborhood
The next topology we choose is the real topology of an
outdoor residential deployment in a Houston neighborhood
[6]. The node locations (shown in Fig. 9) are derived from the
deployment and fed into the simulator. The physical channel
that we use in the simulator is a two-ray path loss model with
Log-normal shadowing and Rayleigh fading [32]. The ETX
routing metric [33] (based on data loss in absence of collisions)
is used to set up the routes. Nodes 0 and 1 are connected to
the wired world and serve as gateways for this deployment.
All other nodes route their packets toward one of these nodes
(whichever is closer in terms of the ETX metric). The resulting
topology as well as the routing tree is also shown in Fig. 9. The
loss rates at each link are determined from the simulator by
letting each node send several broadcast messages one by one
and measure the number of packets successfully received at
every other node. The topology information and loss rates are
fed into the analytical model to find the achievable-rate region
for this topology. There are 16 flows in this topology. Hence,
we only compare the max-min rate allocation from simulations
and theory. A very good match is observed: The simulator allocates 46 Kbps/flow, whereas the theory allocates 44 Kbps/flow
. Optimal scheduling allocates 67.3 Kbps/flow
at the max-min rate allocation. Thus, 802.11 achieves 65.3% of
the throughput compared to optimal scheduling at the max-min
rate allocation.
E. Random Topology
We create the final topology by randomly placing 75 nodes
in a 1000 m 1000 m area. Both transmission and interference
range are set equal to 200 m. We assume links used for routing
on all
packets to be lossless and assume
the other links since links used in routing paths typically are
low-loss links. We select six source–destination pairs at random.
We compare the max-min rate allocation from simulations and
theory. A very good match is observed: The simulator allocates 94 Kbps to five of the flows and 650 Kbps to the sixth

Fig. 9. Topology from the deployment in a Houston neighborhood. Arrows
show the routing paths and the numerals on top of an arrow is the probability of
loss of a 1024 byte packet on that link. Dashed lines represent the interference
links.

flow, whereas theory allocates 96 Kbps to five of the flows and
. Optimal scheduling
600 Kbps to the sixth flow
allocates 141.7 Kbps to five of the flows and 706 Kbps to the
sixth flow at the max-min rate allocation. Thus, at the max-min
point, 802.11 achieves 76.35% of the total sum throughput compared to optimal scheduling.
F. Different Network Parameters
All the previous comparisons were made for a particular set
of network parameters. In this section, we investigate the accuracy of the analysis when the network parameters are modified from their default values. We compare the achievable-rate
region derived via simulations and theory for the flow-in-themiddle topology [Fig. 6(a)] for: 1) 100-byte DATA packets at
1-Mbps data rate in Fig. 10(a); and 2) 1024-byte packets at
11-Mbps data rate in Fig. 10(b). The error between simulations
and analysis for the maximum rate achieved by flow
when the rates of flows
and
are fixed is less
than 15% for both scenarios. Note that for both the scenarios,
Assumption 1 does not hold, and hence we see a larger error.
For smaller DATA packets, the reason why Assumption 1 does
not hold is obvious. However, why increasing the data rate to
11 Mbps makes this assumption invalid is not obvious as the
DATA packet size is still two orders of magnitude larger than
the RTS packet size. In 802.11, the PHY header contains information used to determine the data rate of the incoming transmission (to allow auto-rate adaptation [20]), and hence is always
transmitted at 1 Mbps. And the PHY layer header is exchanged
for both control and DATA packets. Hence, the transmission
time of a RTS packet becomes comparable to the transmission
time of a DATA packet, which violates Assumption 1. Note that
this is a protocol issue that needs to be fixed since this violates
the basic protocol design premise that the load due to control
packets should be a small fraction of the total load.
From Fig. 10(a) and (b), we also observe that 802.11 achieves
more than 84% throughput at the max-min rate allocation compared to optimal scheduling for both the scenarios. Note that, in
both these examples, the overhead is significantly larger than in
previous scenarios.
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Fig. 10. (a) Achievable-rate region for the flow-in-the-middle topology for
100-byte packets and 1-Mbps data rate. (b) Achievable-rate region for the
flow-in-the-middle topology for 1024-byte packets and 11-Mbps data rate.

Fig. 11. (a) Achievable-rate region for the flow-in-the-middle topology with
the approximations of Section VI. Error between simulations and analysis is
less than 20%. (b) Achievable-rate region for the chain topology with the approximations of Section VI. Error between simulations and analysis is less than
12%.

G. Summary
We now summarize the observations made in this section.
1) Under the assumptions we make, our analysis is accurate as
we incorporate all the events leading to collisions/busy channel
in our proofs. Our assumptions are shown to be accurate via
simulations since the analytical results have an average error of
9% and a maximum error of 15%. 2) The achievable-rate region with 802.11 scheduling is nonconvex. 3) 802.11 achieves
more than 64% throughput compared to optimal scheduling at
the max-min rate allocation for all the topologies studied in
this paper. This is an interesting and unexpected observation. A
prior work of ours [34] attempts to understand the optimality of
802.11. However, characterizing the worst-case performance of
802.11 is still an open question and left for future work. 4) The
optimal routing paths for 802.11 and optimal scheduling can be
different.
Note that the above summary results are based on simulation
studies over almost 30 representative topologies. (Limitations
of space allowed us to only show results for nine of them in the
paper.) These include a number of characteristic topologies,
including the flow-in-the-middle topology (Section V-B1) and
variations, chain-like topologies (like the one in Section V-B2),
tree-like topologies, star-like topologies, ring-like topologies,
and the square topology in Section V-C. They also include
a number of random topologies (see Section V-E for one of
them), and the real Houston neighborhood topology presented
in Section V-D.

(Lemma 12), and 2) the RTS collision probability (Lemma 13).
denotes the saturation throughput of a WLAN with
transmitters transmitting to a single receiver (derived in [21]),
is the number of edges interfering with . Note
and
is upper-bounded by 1. Since approximating
that
by its upper bound is inaccurate when
is small,
by
.(
as
in these situations we replace
a function of flattens out rather fast [21]. As a result, even
would
if just a few neighboring edges are saturated,
be a good lower bound since the topology that minimizes
service times is the one where all nodes are within range.) The
second approximation is to approximate
when no
interfere with each other in Lemma 11 with
two edges in
.
With the first approximation, the DATA collision probabilities can be derived for each edge independently. Now, given the
DATA collision probabilities at each edge, with the second approximation, one can find the RTS collision probabilities and
idle probability at each edge independently.
Using these approximations will introduce some inaccuracies. However, for the topologies studied in this paper, the inaccuracies are not large. For example, Fig. 11(a) and (b) compare
the achievable-rate region derived with these approximations to
the simulation results for the flow-in-the-middle topology and
the chain topology, respectively. With the two approximations,
the maximum error is less than 20% for both the topologies.

VI. NETWORK SOLUTION WITHOUT THE ITERATIVE
PROCEDURE

VII. CONCLUSION AND FUTURE WORK

As discussed in Section III-D, we need an iterative procedure
to solve the coupled multivariate system of equations derived in
Section III. In this section, we discuss if it is possible to decouple
the equations to avoid using an iterative procedure by sacrificing
some accuracy in the analysis. We look at the following questions. 1) Under what network conditions can the equations be
decoupled without an unreasonable loss in accuracy? 2) What
are the approximations to be made to remove the coupling?
A careful look at Lemmas 11 and 12 and the expression for
derived in Section III-B1 tells us that the equations cannot
be decoupled for networks with a nonnegligible probability of
RTS/CTS loss on edges without a significant loss in accuracy.
For networks with a negligible probability of RTS/CTS
loss, one can make the following two approximations to decouple the equations. The first approximation is to replace
by
in the expressions for the
following two probabilities: 1) the DATA collision probability

In this paper. we have characterized the capacity region of an
arbitrary multihop wireless network with 802.11 scheduling by
deriving a methodology to characterize the achievable edge-rate
region. This paper is a precursor to several works that require
a general and accurate characterization of the achievable-rate
region of 802.11-scheduled multihop networks. We briefly describe three such ongoing works.
Optimality of 802.11: In Section V, we observed that 802.11
achieves more than 64% throughput compared to optimal scheduling at the max-min rate allocation for all the topologies we
studied. These results serve as a motivation to understand the
worst-case performance of 802.11.
Optimal Routing and Rate Allocation: The constraints characterizing the achievable flow-rate region of a given 802.11scheduled multihop network (Section IV) can be fed into an optimization problem to find optimal routing and rate allocation
for different utility functions.
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Residual Bandwidth Estimation: The methodology of
Section III can be used to find the residual bandwidth at a given
edge, given the edge rates at the other edges in the network.
This can be used to design interference-aware routing [16], [36]
or a congestion control algorithm that sends explicit and precise
rate feedback to the sources (for example, see our recent work
[37]).
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